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APPLICATION OF EXPERT SYSTEMS FOR SELECTING WALL SYSTEMS
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ABSTRACT
The objectives of this research are (1) to find the factors that can be used for making decisions to select
the internal wall system; (2) to apply the analytical hierarchy process (AHP) to find the priority weight in each factor

that offects the decision making; and (3) to present the results of decision making with the use of ANFIS for selecting
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the intfernal wall system. The researcher studied 7 factors affecting the decision making for selection of internal wall
system based on documentary study and experiences of the experts. After that, the AHP was applied to deal with
factors that could not be directly assessed from the questionnaire. As a result, four main factors were identified,
namely, the budget, the space limitation, the energy, and the quality. The factor that receives the highest priority
weight from the experts is the quality factor with 39.6 percent of priority weight, followed by the budget factor with
37 percent, the space limitation factor with 16.2 percent, and the energy factor with 7.2 percent. Meanwhile, the
decision making for selection of the internal wall system with the use of ANFIS was made on each of the four main
factors with consideration on three input factors. For example, in the budget factor there are three sub-factors that
can be considered in selection of the internal wall system, i.e. price per square meter, production per day, and
damage percentage. These three sub-factors have three levels of fuzziness, such as low price, middle price, and

high price. Decision making results, based on the best model (Model A) from the report on the users' requirement,

show that the selected internal wall system is the light weight cellular concrete block system.

KEYWORDS : wall system, pre-cast wall, expert system, ANFIS, AHP
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